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Mathematical models are used in many applications, for
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example to understand climate change, to predict the
spread of an epidemy or to control the flight of an aircraft.
To derive such models, it is usual to start by stating
conservation laws, physical principles and/or
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phenomenological behaviors. The derivations then lead to
mathematical models. When the systems are too complex
to be modeled that way and if some data is available from
observations or experiments, it is of great interest to be
able to automatically derive a sufficiently general model
out of the data with the help of a machine. When it comes
to spatiotemporal data, this work explores the recently
introduced Physics Informed Neural Networks (PINNs) and
sparse regression to infer interpretable partial differential
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equations (PDEs) directly from data.
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